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1、我校获批为全国大数据标准工作组全权成员单位
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2、我校选手勇夺2018年湖南省首届财务大数据比赛一等奖
[image: I:\财经大数据研究院\专业申报与开办\数据科学与大数据技术专业\2019年招生\招生宣传\我校选手勇夺湖南省首届财务大数据比赛一等奖.png]
3、专业的大数据人才培养生态
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副校长樊晓平教授指导师生学术沙龙启动和科研创新
[image: I:\财经大数据研究院\科研\2019学生论文写作第3期\20190522英文写作培训\照片\IMG_20190522_151131_1.jpg] [image: I:\财经大数据研究院\科研\2019学生论文写作第3期\20190410\IMG_20190410_163149.jpg]
博士指导学生做创新研究
[image: I:\财经大数据研究院\专业申报与开办\数据科学与大数据技术专业\2019年招生\招生宣传\国际著名财经学者Dr. Robert Brooks 来我校合作科研并讲学.jpg] [image: I:\财经大数据研究院\专业申报与开办\数据科学与大数据技术专业\2019年招生\招生宣传\国际著名财经学者Dr. Robert Brooks 来我校指导学生科研.jpg]
国际著名学者指导财经大数据科研
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	与州议员和美国教授进行教育理念的探讨
	在美国国会图书馆进行大数据图计算实验


4、学生成果展示
[image: C:\Users\Administrator\Desktop\1.png]
图1 被推荐到SCI期刊Mathematical Biosciences and Engineering 的海报
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图2 被推荐到SCI期刊Journal of Real_time Image Processing的海报
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图3 被推荐到EURASIP Journal on Wireless Communications and Networking海报
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图4  Gephi大数据可视化图例（摘自2015级吕鸿章同学的论文）
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图5 悲惨世界人物关系图谱 （摘自2015级李丰华同学的论文）
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图6 全球风域流图 （摘自2015级李丰华同学的论文）
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Introduction

+In China, indveual nvestors. are the vulnerable
groups in the invesiment market. Accarding 1o the
satistcs, 90% of Chinese indidusl investors are
losing morey.

« A secury investment fundis an investment method
Wi peofessional management, potco, prof shar
ing and sk sharing

1t a goud investment choic for investors who lack
of professnal investment knowiecge and have no
time o manage .

+ Compared wih siock, funds have lower risks and
have higher rturn than bank ime ceposis.
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Visualization Analysis for Business Performance of Chinese Listed Companies Based on GEPHI
HongZhang Ly, Diantu Wang, Fenghiua Li & WenQian Xiang
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Comolutional neural netvorks (O 15 videly used In the
11614 of Tnsge recomition. orever, there are sone
problens of rumerous CANs. Firstly, with a large nusber
of paraneters and 1inited training data sets, 1t can
result In overfitting easily. Secondly, because of
overfull parassters, large computational conplexity and
overgrom netuork size, large OMs become dificult to
put into practice. Thirdly, vanishing aradient prob
can cccur hen there are too many netvork layers. To
S01ve these problens, his study uses Enseable Learning
et to Tnprove Lenet-5 AN model. In the paver, ve vse
the cifar-10 data set 1o train the Lenet5 model first,
then, by using the Dropaut method and learning fron
partial structure of Network In Network (N, ve solve
the overtitting problen to some extent. After that, v
use the algorith of Integrated learning Bagging and
Maboast 1o train the Intearated optiization sodel
respectively, and check the optinizing result. Finally,
The study compares the effects of unintegrated Alexlet
modl, Bagaing algorithe and Adaboost algorithe on the
mode. The experinental results shov that both Bagging and
Maboast algorithas can significantly isprove the sodel
recoonition effect and reduce the complexity of the
slgorith.

Guang Sun, YuCai Li t, Xiaoping Fan, Vanfei Xiao, WenQian Xiang, )ingYi He, HunYun Deng

1.Bagging

The Bagging algorithe randoaly extracts the training
subset. from the training set, and then uses the
ditferent training subsets to train the every base
learner, combining the results of the every base
Iearner by using voting nethod or aversging nethed.
2.Boosting

he Boosting algoritha converts the veak learner Into
a strong learner by increasing the nusber of
iterstions. It adopts Supervised learning nethod,
whose process 1 training a veak learnr first and
the next learner training the sample vhich vas
classified Inaccurately by the forser one 50 that all
of the veak learners vill Integrate Into a strong

This paper uses Lelet-5 sodel chooses Man
optinizer, and select the KoLy function as the
activation function. then, 1t uses the principles
of the Dropout and NIN models to Taprove the
modl. Then, 11 uses Bagaing and Aaboost to

Tnorove the sodel.

Tl 1t comares the
th the Alexket model.

Tnproved odel

the Integrated learning algoritha 1o solve It.

Layer with a convolution kel
Imput n the next layer to redce the tise comlexity.

In this paper, there are three solutions o the AN algoritha:
1. For the gradient dispersion, the Rell fonctlon is used as the activation function, and the LeNet-5 sodel
15611 15 2 sodel vith a lover number of layers, which s less atfected by the gradient dispersion.

2 For the model over-fitting, this paper uses the Dropout function, the partial structure of the NIN netvork and

3. For the large complexity of the algoritha, this paper uses the sodel structure of NIN o add a Convolution
26 of 131 after the conolutional layer, which docreases the musber of chamnels

Therefore, the Bagging algorithe runs faster and its algorithe structure s relatively siop
the training of more complex models of data-based large-base learners. The Adaboost model runs slower, s base
Tearner has & s11ghtly higher recognition rate and the algorith structure s rel
for high-pavered comuters o train hgh-precision models.

It is sitable for

vely cosolex, 50 1t Is sultable
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